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Predicting Task Category

PastaSalad: 0.42

—— PastaSalad: 0.42
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—— Greeksalad: 0.15
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—— Cheeseburger: 0.22
R ContinentalBreakfast: 0.24
27 Pizza: 0.35
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Predicting next question in goal-oriented Visual Dialog Answering with The-

ory of Mind model

Predict next question in MNIST-GuessNumber Dataset (Zhao
and Tresp [2018])

#Question Answer
1Is it 2 in the image? No
21Is it in a yellow background? No

3Is it 9 in the image? Yes
41s it in a white background?  Yes

5Is it a stroke style digit? Yes
61s it a digit in blue? No
Guess: row 1 column 3 v




Predicting next question in goal-oriented Visual Dialog Answering with The-

ory of Mind model

Train ToMNet+ (Chuang et al. [2020]) to predict the next

question
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