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Problem Solution
Evaluation of Code Generating Models CrystalBLEU
1) Behavioral — Requires execution and definition of correct behavior Reduce the effects of trivially shared n-grams:
2) Syntactical
a) Exact match — Downplays almost-correct results Preprocess (once for a dataset):
b) AST-based or DFG-based — Requires parsable code Extract common n-grams — trivially shared n-grams

c) BLEU score — Accurate (enough) in practice
1) Remove the common n-grams from matched n-grams
2) Calculate BLEU with the updated matching n-grams
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